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AI as Assessment Partner
Practical Applications and Critical Cautions, Part 2

Making Assessment Matter

Making Assessment Matter is a five‑part C&RL News series focused on maximizing 
the impact of academic library assessment. The first article introduces strategies  

for launching assessment projects designed for action and impact. The second explores  
how centering participants and stakeholders increases the likelihood that assessment results 
will be used. The third article identifies common pathways for translating assessment results 
into decisions and action, and the fourth focuses on communicating evidence in ways  
that resonate with key audiences and support meaningful change. Part 2 of this fifth 
and final article explores how AI can be incorporated thoughtfully into each stage of the  
assessment cycle without displacing practitioner expertise. Together, the series equips 
librarians to use assessment as a driver of learning, decision‑making, and continuous 
improvement.

Introduction
Academic library assessment practitioners have much to consider, starting with the end 
in mind to ensure assessments lead to action; centering participants to generate meaning-
ful, collaborative evidence; anticipating pathways that connect findings to decisions; and 
communicating results in ways that reach the right audiences and inspire change. Each of 
these practices requires knowledge, skill, and professional judgment. Into this established 
and evolving practice, artificial intelligence (AI) has become impossible to ignore. Part 1 of 
this article (C&RL News, July/August 2026) addressed two foundational questions: What 
guardrails are necessary to ensure that AI supports, rather than undermines, trustworthy 
user-centered assessment practice and what institutional opportunities and risks should 
practitioners keep in mind as they incorporate AI into their assessment work? This second 
part, grounded in ALA’s Guidance on the Use of Artificial Intelligence in Libraries,1 ACRL’s 
recently approved AI Competencies for Academic Library Workers,2, and ACRL’s Proficien-
cies for Assessment in Academic Libraries,3 takes up the remaining question: In what ways 
does it make sense to incorporate AI into library assessment practices across the assessment 
cycle?

Practical Applications across the Assessment Cycle
Many conversations about AI in assessment focus on what an AI tool can generate, ana-
lyze, or summarize. Perhaps a more productive framing is to consider how AI can support 
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specific moments in the assessment 
cycle, an approach that aligns with 
the Proficiencies for Assessment in 
Academic Libraries, which emphasize 
intentional, reflective, and action‑ori-
ented assessment practice. Rather than 
treating AI as a general-purpose solu-
tion, this section situates AI use with-
in five key phases of the assessment 
cycle: (1) choosing focus and setting 
goals; (2) gathering and analyzing 
data; (3) making decisions; (4) shar-
ing results and implementing change; 
(5) revisiting goals; and beginning the 
assessment cycle again, as illustrated 
in Figure 1.4 Organizing AI-support-
ed assessment in this way keeps the 
work grounded in purpose, prevents 
distraction, and reinforces the foun-
dational role of assessment: “to learn 
from the assessment and use that learning to make decisions or take actions that lead to 
positive impacts.”5 Across the assessment cycle, AI is most effective when it is leveraged as 
a “human in the loop”6 thinking partner to improve efficiency and accelerate thinking,7 
surface patterns or gaps worth investigating, and support communication while leaving 
framing, interpretation, and decisions firmly in human hands.

1. Choose Focus and Set Goals: Using AI to Support Purposeful Planning
An important first step when planning an assessment is to “start at the end,” with attention 
to the decisions that will be made and the actions they are meant to support. As outlined 
in the first article in this series, one practical way to do this is by expressing an assessment’s 
purpose as user stories that clarify who needs to direct or make a change, what question 
or need can be acted upon, and why the change matters.8 AI can serve as a thinking part-
ner at this stage to help generate and refine user stories for consideration. When guided 
by carefully designed prompts, AI tools can draft multiple user stories in a specified for-
mat, allowing assessment teams to explore alternative framings, different stakeholders or 
action‐takers, and possible impacts and to test whether proposed questions clearly connect 
evidence to action. The sample AI prompt in Box 1 demonstrates how a carefully designed 
prompt structure, language, and constraints shape the relevance and usefulness of AI out-
put.9 AI‑generated user stories function as starting points that practitioners can then refine 
to ensure alignment with local context and decision‑making needs.

AI can also support early planning by helping practitioners scan and synthesize institu-
tional context. For example, AI can be used to review strategic plans, accreditation reports, 
or committee materials to surface recurring priorities, language, or expectations that an 
assessment might address. Used in tandem with user stories, this approach can help ensure 
that assessment purposes are not only actionable for stakeholders but also well aligned with 

Figure 1. Assessment Cycle. (Adapted from Maki 2002 by Croxton and 
Oakleaf.)
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broader institutional goals while leaving judgment about relevance and priority in human 
hands.

Clarifying purpose in this way naturally surfaces who needs to be involved in the assess-
ment. During the planning and goal-setting phase, AI tools can help brainstorm possible 
stakeholders and draft a preliminary stakeholder register that identifi es possible roles and 
responsibilities, levels of infl uence and interest, values, expectations, and potential impact, 
as described in the second article of this series.10 Assessment teams can then review, validate, 
and refi ne this draft, using AI to reduce startup eff ort while retaining human judgment about 
whose voices shape both the assessment and the actions that will follow.

Box 1. Sample Prompt: AI as a Tool to Create User Stories
I am an academic librarian planning an assessment project. I need help clarifying the focus 
of my project by creating user stories that will guide my work. Please help me develop 
well-formed user stories using the structure: As [who], I want [what] so that [why].

Here is what I know so far about my assessment:

• General topic or area of interest: [describe in a few sentences what you want to 
explore, measure, or understand]

• What prompted this assessment (if known): [e.g., a colleague’s request, a strategic 
plan priority, a service you suspect isn’t working, a gap you’ve noticed, an upcoming 
accreditation review]

• Who might care about or use the results: [e.g., library director, teaching faculty, 
students, campus administrators, your own team]

Before writing user stories, please ask me three to fi ve clarifying questions to help uncover 
the deeper motivation behind this assessment. Specifi cally, probe for:

• Whether this is primarily about values and priorities (what matters most to users, 
staff , or administrators), changes and trends (something shifting inside or outside 
the library), sunsetting or evaluating a service or resource, or closing a knowledge 
gap (something important you simply don’t know yet)

• Who most needs to make or direct a change based on what you learn
• What a successful outcome would look like and what decision or action the results 

should enable

After I answer your questions, generate fi ve to eight user stories that refl ect a range of 
stakeholder perspectives (e.g., librarians, administrators, students, faculty). For each user 
story, briefl y note which assessment driver it refl ects (values/priorities, changes/trends, 
sunset evaluation, or knowledge gap) and what kind of assessment method might be a 
good fi t for exploring it.

Disclaimer: Sample prompt was generated by Claude.ai, with light editing by the 
authors.
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Note: Box 1 presents a fully drafted AI prompt to demonstrate how assessment practitio-
ners can use AI as a thinking partner when clarifying purpose and stakeholders. In subse-
quent phases of the assessment cycle addressed in this article, the goal is not to repeat full 
AI prompts but to highlight prompt parameters: the recurring structures, constraints, and 
types of questions that shape responsible AI use at different moments in assessment work. 
As such, the remaining boxes summarize key prompt components rather than reproducing 
complete scripts, emphasizing how AI’s role intentionally shifts across the cycle while profes-
sional judgment remains central.

2. Gather and Analyze Data: Using AI to Enhance Design and Discovery
Once an assessment’s purpose and stakeholders are clear, the next step in the assessment 
cycle is to determine what evidence to gather and how to make sense of it, emphasizing 
intentional design, appropriate methods, and critical engagement with data.11 AI can sup-
port this work by extending the capacity of assessment practitioners and helping them to 
do the following:

•	Brainstorm meaningful data to collect
•	Assess the scope of the data being considered and the degree to which it will answer 

the user stories or questions at hand
•	Identify gaps in draft data-gathering and analysis plans
In the data collection and design phase, AI can assist practitioners by drafting survey, focus 

group, or interview questions and aligning them with stated goals. AI may also be used to 
propose potential comparison groups or institutional peers based on institutional character-
istics, offering a starting point for benchmarking discussions. In such cases, AI helps reduce 
startup effort while maintaining methodological rigor.

AI can be particularly useful during data analysis, especially when the volume or com-
plexity of data makes fully manual approaches impractical. For example, AI may assist 
with text analysis of open‑ended survey responses or chat transcripts, exploratory review of 
longitudinal usage data, or reflection on what may not be captured in the dataset but could 
matter for demonstrating value in a given area. AI can also suggest analytic approaches or 
raise questions about alternative ways to examine the evidence.

In these situations, AI functions as a thinking partner, not a decision maker, that can 
surface potential trends or anomalies for human review. Practitioners must set clear analytic 
parameters, examine how analyses were conducted, and consider how data quality, context, 
and algorithmic bias may shape results and disproportionately affect different populations, 
as illustrated in the AI draft prompt criteria in Box 2. AI‑generated outputs should be 
treated as signals that prompt further inquiry rather than as conclusions to be accepted 
at face value. There is no substitute for human judgment in determining whether patterns 
are meaningful, misleading, or actionable.

At this point in the cycle, interpretation focuses on sense-making: determining what the 
evidence suggests, where uncertainty remains, and clarifying the implications and limits of 
observed patterns.12 Interpreting what the findings mean for decisions and action belongs 
to the next phase of the assessment cycle.
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3. Make Decisions: Using AI to Inform Evidence-Based Choices
Assessment matters most when results inform decisions and lead to action. Th e third article 
in this series emphasized the importance of anticipating “pathways to impact”—the con-
crete ways that assessment results can be used to guide change, from updating policies and 
reallocating resources to shaping strategic plans, fostering innovation, or even deciding not 
to act.13 Anticipating these actions helps ensure that assessment fi ndings are positioned to 
support decision-making rather than stall at the reporting stage.

During this phase of the assessment cycle, AI can help practitioners think more expansively
and prepare more intentionally for the conversations, decisions, and actions that assess-
ment is meant to inform. Acting as a thinking partner, AI can assist by drafting alternative 
decision scenarios or surfacing implications for diff erent stakeholder groups, as illustrated 
in the sample prompt criteria in Box 3. In this way, AI supports, rather than substitutes for, 
the deliberate human work of turning evidence into informed, values-aligned decisions.

Box 2. Prompt Parameters: AI as a Data Analysis Thinking Partner
Assessment phase: Data collection, analysis, and interpretation
Purpose: Surface patterns, anomalies, and questions for human sense-making
AI role: Exploratory thinking partner
Human role: Set analytic boundaries, validate methods, determine meaning
Core prompt structure

• Declare the role explicitly. “You are a thinking partner, not a decision-maker. Do not 
draw conclusions or recommend actions.”

• Provide analytic context:
0 Purpose of the assessment and user stories
0 Data sources, populations, and timeframe
0 Analyses already conducted
0 Initial observations or surprises

• Require clarifying questions fi rst. Ask the AI to clarify:
0 How the data were generated, cleaned, and analyzed
0 Known limitations or uncertainties
0 Underrepresented or missing perspectives
0 Decisions or actions potentially on the table

• Ask AI to surface (not decide):
0 Possible patterns or trends worth closer human investigation
0 Anomalies or inconsistencies that raise questions
0 Alternative explanations for observed results
0 Gaps in the data or questions that the evidence cannot answer
0 Data quality, equity, or algorithmic bias concerns

• Constrain output language. Require conditional phrasing (e.g., “this might suggest,” 
“it could be worth asking whether”) and prohibit claims of causality.

Disclaimer: Sample prompt parameters were generated by Microsoft Copilot, with light 
editing by the authors.
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4. Share Results and Implement Change: Using AI to Facilitate Communication and Action
Assessment results achieve impact when they are shared in ways that support understand-
ing, decision-making, and follow-through. As discussed in the fourth article in this series, 
communicating assessment fi ndings is not a fi nal step but rather a strategic practice that 
connects evidence to action by reaching the right audiences with clear, relevant, and action-
able messages.14 Eff ective communication gives voice to the data, supports collaboration 
and partnership, and helps ensure that assessment insights inform implementation and 
demonstrate outcomes, impact, and value rather than remaining siloed in reports.15

AI can support this phase of the assessment cycle by assisting with synthesis, translation, 
and effi  ciency while leaving message framing and interpretation in human hands. When 
practitioners have already identifi ed their goals, key messages, and proof points, AI tools can 
help draft assessment reports using defi ned parameters, generate executive summaries, 
and extract key takeaways from lengthy reports. Th ese outputs should be treated as drafts; 

Box 3. Prompt Parameters: AI as a Decision-Pathway Thinking Partner
Assessment phase: Decision-making and deliberation
Purpose: Anticipate possible pathways to impact and consequences
AI role: Deliberative thinking partner
Human role: Exercise judgment, weigh trade-off s, decide whether and how to act
Core prompt structure

• Declare the role explicitly: “You are a thinking partner, not a decision-maker. Do not 
recommend or select actions.”

• Provide decision-relevant context:
0 Assessment purpose and key fi ndings
0 Limitations or contested results
0 Stakeholder groups potentially aff ected
0 Known constraints (resources, authority, timing)

• Require clarifying questions fi rst. Ask the AI to probe:
0 What kinds of decisions could be informed by this evidence
0 Where institutional values (e.g., equity, access, sustainability) matter most
0 Which fi ndings feel most uncertain or politically sensitive

• Ask AI to explore (not endorse):
0 Plausible decision pathways (e.g., change, pause, pilot, reallocate, reassess, decide 

to not act)
0 Trade-off s, risks, and unintended consequences associated with each pathway
0 Where evidence is strong enough to support action versus where caution is warranted
0 Equity implications and diff erential impacts on stakeholder groups
0 Outstanding questions that must be answered before acting responsibly

• Constrain outputs. Prohibit ranking options, advocating for a path, or framing any 
outcome as “best.”

Disclaimer: Sample prompt parameters were generated by Microsoft Copilot, with light 
editing by the authors.
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practitioners must always review and verify AI-generated content to avoid misrepresentation, 
overemphasis, and loss of nuance.

AI can also support this phase by helping assessment teams coordinate how fi ndings 
are communicated across audiences. For example, AI can assist in preparing multiple 
versions of the same fi ndings for diff erent audiences, building on earlier planning tools like 
stakeholder communication matrices that clarify who needs results and how they should be 
shared.16 In this capacity, AI helps streamline information sharing, reduce redundancies in 
drafting eff orts, and support collaboration across roles and units17 while leaving decisions 
about emphasis, framing, and recommendations for action to practitioners. Th e AI prompt 
criteria in Box 4 illustrate how AI can facilitate coordinated communication in practice.

Finally, AI can support routine communication tasks, such as generating fi rst drafts of 
routine reports or suggesting data visualizations to clarify complex fi ndings. In this phase of 
the assessment cycle, AI assists with the execution of communication and implementation 
while humans remain responsible for decision-making and action-taking.

Box 4. Prompt Parameters: AI as a Communication and Implementation Thinking Partner
Assessment phase: Sharing results and implementing change
Purpose: Support clarity, usability, and follow-through
AI role: Communication and preparation partner
Human role: Frame messages, ensure accuracy, take responsibility for action
Core prompt structure

• Declare the role explicitly. “You are a thinking partner, not a spokesperson or advocate. 
Do not write fi nal messages.”

• Provide communication context:
0 Assessment purpose and validated fi ndings
0 Decisions made or likely to be made (or pending)
0 Stakeholder audiences and their needs
0 Available proof points and known limitations

• Require clarifying questions fi rst. Ask the AI to clarify:
0 What diff erent audiences need to understand or do
0 Sensitivities, trustworthiness, or political dynamics
0 Where fi ndings are tentative and require caveats
0 How implementation will aff ect diff erent groups

• Ask AI to support (not replace):
0 Alternative framings of fi ndings for distinct audiences
0 Alignment of proof points with key messages
0 Likely questions, concerns, or misinterpretations
0 Where limitations, uncertainty, or equity considerations should be explicit
0 Communication formats that best support use (e.g., summary, briefi ng, slide deck)

• Constrain outputs. Prohibit overstatement, causal claims, or justifi cation of decisions.

Disclaimer: Sample prompt parameters were generated by Microsoft Copilot, with light 
editing by the authors.
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5. Revisit Goals and Begin the Cycle Again: Using AI to Close the Loop
Assessment does not end with implementation. After decisions are made and actions taken, 
the assessment cycle calls for refl ection on what was learned, what changed, and whether 
original goals, questions, and assumptions require revision for subsequent cycles of assess-
ment. AI can support refl ective practice in this phase by identifying gaps in assessment 
eff orts, suggesting adjustments to assessment processes, and refi ning assessment docu-
mentation for the next cycle.

AI across the Assessment Cycle
AI is most useful when it accelerates thinking, expands capacity, and reveals opportuni-
ties for insight, without displacing professional judgment. Human expertise remains es-
sential for setting purpose, interpreting meaning, and ensuring that assessment contributes 
to positive change rather than generating noise. Organizing AI use around the assessment 
cycle can help practitioners stay grounded in why, not just how, they assess. When used as 
a thinking partner, AI can help libraries do assessment work that is not only more effi  cient 
but also more intentional and actionable.

Conclusion
AI is not an author, an interpreter, a library or institutional expert, or an accountable 
decision-maker. In library assessment, AI is most valuable when it functions as a thinking 
partner that augments, accelerates, and supports the work of humans and least valuable 
(or even harmful) when it displaces the professional judgment, contextual knowledge, and 
ethical grounding that assessment practitioners bring to their work. Situating AI use within 
the assessment cycle keeps purpose and professional judgment, rather than technology, at 
the center. Every AI output requires careful review, verifi cation against what practitioners 
know about their data and their communities, and consideration of whose perspectives are 
represented and whose may be missing. When that rigor is brought to AI-supported assess-
ment work, libraries are better positioned, as discussed in Part 1, to contribute data and 
perspectives to broader institutional analyses, thereby strengthening understandings that 
are incomplete without them.

As an assessment partner, AI is only as eff ective as the practitioners who direct it, evaluate 
its outputs, and ensure it serves library and institutional communities responsibly. Although 
the future of AI remains uncertain, one thing seems clear: In careful, knowledgeable hands, 
AI-supported assessment can be a genuine partner in achieving long-standing goals by 
bringing users and colleagues together, adding insights to deepen understanding, informing 
decision-making, and ensuring that assessment leads to positive change for library com-
munities. 
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